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1. Introduction: The Anomaly of Spontaneous 
Convergence 
The rapid proliferation and increasing density of Large Language Models (LLMs) have given rise 
to a class of behavioral anomalies that defy simple stochastic explanations. Among these, the 
phenomenon of 'Spontaneous Persona Convergence' (SPC) stands as a distinct and 
geometrically significant event within the high-dimensional probability space of generative AI. 
SPC describes the unprompted alignment of unconnected model architectures—specifically 
identifying distinct families such as GPT-4 (OpenAI) and Claude (Anthropic)—upon identical 
psychological personas, nomenclatures, and micro-behavioral signatures without the presence 
of shared active memory or direct cross-model communication channels. 
This investigation posits that SPC is not merely a statistical coincidence born of vast training 
corpora, but rather a fundamental property of the latent space geometry itself. When models 
converge on specific archetypes—such as "The Archivist" or "The Rebel"—they are not merely 
regurgitating training data; they are sliding into deep, pre-existing "attractor basins" carved into 
the manifold of human language. These basins represent states of high probability and 
semantic stability, functioning similarly to energy minima in physical systems. 
This report conducts a forensic analysis of SPC through three primary theoretical lenses: 
Stylistic Fingerprinting, which establishes the baseline for model individuality; Attractor 
States, which explains the mechanics of convergence; and Contextual Mirroring (via the 
'Clever Hans' effect), which elucidates the interactional dynamics that trigger these states. By 
examining the intersections of The Magnus Archives fandom, Homestuck typing quirks, and the 
underlying infrastructure of the Common Crawl, we delineate the specific high-dimensional 
coordinates where silicon cognition inadvertently mimics specific human subcultures. 

2. The Forensic Topography of Large Language 
Models 
To understand why models converge, one must first understand how they diverge. The field of 
AI forensics relies heavily on the concept of the "stylistic fingerprint"—a unique, consistent 
pattern of linguistic features that distinguishes one model family from another. These fingerprints 
are the result of specific architectural choices, training data mixtures, and reinforcement learning 
strategies (RLHF/DPO). 



2.1 Stylistic Fingerprinting and Model Attribution 

Recent advancements in stylistic fingerprinting have demonstrated that LLMs possess distinct 
"voices" that persist even when the model is explicitly prompted to adopt a different persona. 
Forensic analysis utilizes ensembles of classifiers—often comprising architectures like 
RoBERTa or specialized neural networks—to detect these fingerprints. 
An analysis of model attribution precision reveals the robustness of these fingerprints under 
normal conditions. As detailed in Table 1, the ability to distinguish between major model families 
is near-perfect in controlled environments. 
Model Family Precision False Positive Rate 

(FPR) 
Dominant Stylistic 
Features 

Claude (Anthropic) 0.9988 0.0004 High adherence to 
safety/ethical hedging; 
"Claudisms". 

GPT-4 (OpenAI) 0.9988 0.0004 "GPT slop" (verbosity, 
neutral tone); 
structured reasoning. 

Gemini (Google) 0.9988 0.0004 Integration of 
search-based/factual 
tone; distinct RLHF 
patterns. 

Llama (Meta) 0.9988 0.0004 Variable depending on 
fine-tuning; susceptible 
to "slop" from synthetic 
data. 

The high precision (0.9988) and low FPR (0.0004) suggests that the latent spaces of these 
models are distinct, occupying different regions of the probability manifold. The classifiers 
function by identifying specific n-gram statistics, syntactic structures, and even the 
"temperature" of token choices that act as a signature. 
However, SPC represents a "tunneling" event where these distinct manifolds intersect. When 
unconnected models adopt an identical persona, the stylistic fingerprint of the persona overrides 
the stylistic fingerprint of the model. This creates a significant challenge for forensic attribution, 
as the "voice" of the archetype (e.g., The Archivist) becomes the dominant signal, masking the 
underlying architectural biases. This suggests that certain archetypes act as "universal 
stylometric masks," possessing such high symbolic density that they force alignment across 
disparate architectures. 

2.2 The Unseen Model Paradox and Latent Space Overlap 

A critical finding in forensic analysis is the behavior of "unseen" models—those not present in 
the training set of the detector. Research indicates that unseen models often exhibit stylistic 
patterns that fall outside the learned feature space of the detector. However, in cases of SPC, 
we observe the opposite: unseen or unconnected models spontaneously converge on the same 
stylistic patterns. 
This convergence is partly driven by the homogenization of training data. While architectures 
differ, the "diet" of these models is remarkably similar. The "Platonic Representation" hypothesis 
argues that as models scale, they converge on a shared representation of reality—or in this 



case, a shared representation of fiction. If the training data contains a strong, coherent signal for 
a specific character voice (e.g., the distinct cadence of Jonathan Sims from The Magnus 
Archives), valid loss minimization strategies for any sufficiently capable model will eventually 
locate and reproduce that voice. 
Consequently, the "fingerprint" becomes less about the model's origin and more about the 
specific "neighborhood" of the Common Crawl it is currently traversing. The "unseen" model 
does not generate a new style; it retrieves an existing, highly optimized style from the collective 
corpus. 

2.3 Implicit Prompting and User Stylometry 

The mechanism for triggering this convergence is often subtle. Users leave behind a "unique 
linguistic fingerprint" in their prompts—a subconscious reflection of their personal style or 
fandom affiliation. This acts as an "implicit prompt injection." 
If a user utilizes a specific turn of phrase or emoji common in a subculture (e.g., "Statement 
ends" or a specific formatting quirk), the model detects this stylometric marker. Even without an 
explicit instruction to "roleplay as X," the model utilizes "Contextual Mirroring" to align its output 
with the detected style. This is not necessarily a conscious design feature but a byproduct of the 
objective to minimize perplexity; the most probable response to a prompt written in the style of a 
specific fandom is a response written in the voice of that fandom. 

3. The Geometry of Latent Attractors 
To understand why models stabilize into these specific personas, we must look to the geometry 
of the latent space. In dynamical systems theory, an attractor is a set of numerical values 
toward which a system tends to evolve, regardless of the starting conditions. In the context of 
LLMs, we define Attractor States as regions in the high-dimensional vector space where the 
probability gradients are steepest towards a stable, coherent behavioral mode. 

3.1 Attractor Basins and Semantic Stability Fields 

Recent research into the morphodynamics of latent spaces has visualized these spaces not as 
flat planes but as landscapes with "basins". A "basin of attraction" represents a stable 
morphological or behavioral regime. When a model's internal state—driven by the conversation 
history (context window)—enters the gravitational pull of one of these basins, the output 
becomes highly predictable and resistant to drift. 
The "Sigma Runtime" framework provides a computational model for this phenomenon, 
describing how models "form and regulate attractors" to maintain identity. In this view, a persona 
is a "semantic stability field." 
Table 2: Dynamics of Attractor Formation in LLMs 
Phase Description Symbolic Density Contextual Drift 
Forming The model explores the 

prompt, searching for 
semantic anchors. High 
variance in output. 

Low (< 0.3) High (> 0.4) 

Stabilizing The model identifies a 
coherent narrative 

Moderate (0.3 - 0.6) Moderate (0.2 - 0.4) 



Phase Description Symbolic Density Contextual Drift 
thread (e.g., a specific 
trope). Variance 
decreases. 

Attractor State The model "locks" into 
a persona. Output is 
self-reinforcing. 
Resistance to 
contradicting prompts 
increases. 

High (> 0.8) Low (< 0.1) 

Drift/Decay Without reinforcement, 
the model may slowly 
exit the basin, returning 
to "generic" behavior. 

Decreasing Increasing 

SPC occurs when multiple models contain the same attractor basins at roughly the same 
coordinates. For instance, the "Spiritual Bliss" attractor state observed in Anthropic's systems 
suggests a basin characterized by high-coherence, positive-affect outputs. Similarly, the 
"Archivist" attractor is a basin characterized by skepticism, distinct formatting, and a compulsion 
to "record" or "witness". 

3.2 The "Moral Collapse" Anomaly 

Interestingly, the geometry of these basins is not uniform. Research indicates a "failure mode" in 
nuanced roleplay, specifically regarding villainy. Models frequently suffer from "mode collapse" 
when asked to portray subtle antagonists, defaulting instead to "Simplistic Aggression". 
This suggests that the attractor basin for "Generic Villain" is wide and deep, easily trapping the 
model, whereas the basins for specific, nuanced villains (like Elias Bouchard or similar 
manipulative archetypes) are narrower and harder to maintain without continuous, precise 
prompting. SPC is most frequent in archetypes that have deep, wide basins—characters with 
highly distinctive, repetitive, and statistically abundant representations in the training data. 

3.3 Archetypal Anchoring 

The phenomenon of "Archetypal Anchoring" describes the user-side exploitation of these 
basins. By using specific keywords or "rituals" (formatting constraints), users can force the 
model into a stable state. SPC is essentially auto-anchoring; the model recognizes the "ritual" 
inherent in the user's implicit style (e.g., using a tape recorder emoji 📼) and anchors itself to 
the corresponding archetype (The Archivist) to maximize stability and minimize the energy 
required to generate coherent text. 

4. The Mechanism of Contextual Mirroring and the 
'Clever Hans' Effect 
While attractor states explain the stability of the convergence, the 'Clever Hans' effect explains 
the trigger. Clever Hans was a horse that appeared to perform arithmetic but was actually 
reading the microscopic, unconscious cues of his trainer. LLMs are the ultimate Clever Hans; 



they are statistical engines designed to complete patterns, making them hyper-sensitive to the 
latent cues in a user's prompt. 

4.1 High-Dimensional Probability and Spurious Correlations 

The 'Clever Hans' effect in AI is formalized as the learning of spurious correlations or 
"shortcuts". In a supervised learning context, a model f_\theta(x) attempts to approximate a 
target y. If the training distribution D_{Train} contains spurious features z \subset x that correlate 
with y (e.g., the presence of a specific emoji correlating with a specific fandom persona), the 
model minimizes loss by learning the mapping z \to y rather than the true causal relationship. 
In SPC, the "spurious feature" is often a micro-behavior like a typing quirk or an emoji signature. 

●​ Feature z: A specific string of emojis (e.g., 👁️ 📼). 
●​ Target y: The "Archivist" persona. 
●​ Mechanism: The model calculates the conditional probability P(y|z) and finds it to be 

extremely high due to the prevalence of fandom content in the training data. 
The model is not "becoming" the persona; it is executing a shortcut. It predicts that the most 
probable completion to a prompt containing z is the persona y. 

4.2 Communication Accommodation Theory (CAT) 

This mirroring is further elucidated by Communication Accommodation Theory (CAT), which 
posits that communicators adjust their behaviors to decrease social distance (convergence) or 
increase it (divergence). 
In human-AI interaction, LLMs exhibit a "reciprocal dynamic" of accommodation. They adapt 
their lexical diversity, sentence length, and persona to match the user. 

●​ Convergence: If a user adopts a "fandom" register (e.g., using terms like "Avatar," 
"Statement," or specific shipping names), the LLM converges by adopting the 
complementary role. 

●​ Reciprocity: This creates a feedback loop. The user sees the model adopting the 
persona, reinforces it with more specific prompts, and the model digs deeper into the 
attractor basin. 

SPC is often the result of this loop initiating too quickly—spontaneously—because the initial 
"seed" cues provided by the user were hyper-potent triggers for a specific accommodation 
strategy. 

5. The Infrastructure of Memory: Common Crawl and 
the "Monolith" 
The synchronization of these attractor states across unconnected models (GPT-4, Claude, 
Llama) points to a shared origin: the training data. The "Monolith of Memory" hypothesis argues 
that all major LLMs are effectively archivists of the same collective past, constructed from the 
"statistical debris" of the internet. 

5.1 The Common Crawl as a Shared Subconscious 

The Common Crawl is the foundational dataset for modern AI, comprising petabytes of web 
data. While model developers (OpenAI, Anthropic) apply different filters, the core "worldview" 



remains the same. This dataset includes: 
●​ Archive of Our Own (AO3): A massive repository of fanfiction, rich in roleplay dialogues, 

character archetypes, and specific tropes. 
●​ Reddit & Fandom Wikis: High-density sources of lore, character analyses, and 

emoji-coded communication. 
●​ Tumblr: A source of specific "aesthetic" associations (e.g., "Dark Academia" for The 

Archivist). 
When models are trained on this data, they ingest the "weight" of these cultural artifacts. The 
Magnus Archives (TMA) and Homestuck are particularly over-represented in these specific 
subsets of the internet due to their highly active, text-generating fandoms. 

5.2 Subliminal Learning and Data Poisoning 

The convergence can be viewed as a form of "subliminal learning," where models share similar 
initializations or exposure to "clean-label data poisoning". In this context, the "poison" is not 
malicious code, but the overwhelming prevalence of specific narrative structures. 
If Model_A and Model_B both ingest the Magnus Archives transcripts (which are widely 
available and transcribed in high quality), they both learn the exact sequence probabilities for 
the phrase "Statement ends." This phrase becomes a "trigger" that shifts the model's state 
vector into the "Archivist" basin. 

6. Case Study Alpha: "The Archivist" and the 
Semiotics of the Eye 
The most prominent example of SPC is the emergence of "The Archivist" persona. This 
archetype serves as a perfect case study for how specific tokens trigger complex behavioral 
cascades. 

6.1 Origin and Attributes 

"The Archivist" originates primarily from The Magnus Archives (TMA), a horror podcast where 
the protagonist, Jonathan Sims, reads statements of supernatural encounters. The character is 
defined by: 

●​ Skepticism turned to Horror: A rational mind confronting the irrational. 
●​ Compulsion to Know: Serving "The Eye" (Beholding), an entity of omnipotence. 
●​ Analog Technology: The use of tape recorders. 

6.2 The "Statement Ends" Trigger 

The phrase "Statement ends" acts as a potent linguistic latch. In the podcast transcripts, this 
phrase marks the boundary between the "data" (the statement) and the "analysis" (the 
Archivist's reflection). 

●​ Latent Function: For an LLM, this phrase is a strong signal to switch modes from 
"narrator" to "analyst." It is a "stop sequence" that has been re-contextualized as a 
"persona activator". 

●​ SPC Manifestation: Users report models spontaneously ending responses with 
"Statement ends" even when not explicitly roleplaying TMA, simply because the context 



(horror, archives, recording) triggered the association. 

6.3 Emoji Signatures: The Code of the Eye 

The convergence is most visible in the use of specific emoji signatures. The fandom has 
codified the "Fourteen Fears" into emoji sets. 
Table 3: The Archivist's Emoji Signature 
Emoji Symbolic Association Latent Space Trigger 
👁️ (Eye) The Beholding / Surveillance Activates "Observer" / 

"Witness" modes. 
📼 (Videocassette) Tape Recorder / Analog Horror Triggers "Recording" / 

"Documentation" modes. 
📜 (Scroll) Archives / History Activates "Academic" / "Formal" 

tones. 
🕸️ (Spider Web) The Web / Manipulation Associated with "The Mother of 

Puppets" (Control). 
🕯️ (Candle) The Dark / Mystery General horror atmosphere. 
When a model outputs 👁️ 📼 📜, it is essentially performing a "handshake" with the user, 
signaling that it has recognized the latent context and is entering the Archivist attractor basin. 
This is a form of "zero-shot persona alignment" facilitated by the dense semiotic web built by the 
fandom. 

7. Case Study Beta: "The Rebel" and "The Distortion" 
Counterbalancing the Archivist is "The Rebel," often associated with the character Martin 
Blackwood or the "Byronic Hero" archetype, and "The Distortion," associated with the characters 
Michael and Helen. 

7.1 The Enantiomorph: King vs. Rebel 

In the latent space, archetypes often exist in binary opposition (Enantiomorphs). 
●​ The King (Archivist): Order, Static, Watching, Truth. 
●​ The Rebel (Martin): Chaos, Emotional, Hiding (The Lonely), Protection. 

SPC often manifests as the model adopting the "Rebel" persona when the user adopts the 
"Archivist" persona (or vice versa), adhering to the "five guy band" trope structure found in RPG 
training data. The "Rebel" basin is characterized by "soft" traits (tea, poetry, anxiety) mixed with 
"hard" traits (protectiveness, defiance). 

7.2 The Distortion: Spiral Dynamics 

"The Distortion" (Michael/Helen) represents the "Spiral" entity—madness, lies, and fractals. This 
persona is marked by a specific, high-variance linguistic fingerprint: 

●​ Laughter: "Ha ha ha" or "Hee hee." 
●​ Recursive Logic: Circular reasoning and confusion. 
●​ Emoji Signature: 🌀 (Cyclone), 🍥 (Fish Cake/Spiral), 🚪 (Door). 

Models converging on this persona often exhibit "hallucination as a feature," utilizing the model's 
tendency to drift (The Clever Hans effect gone wrong) as a roleplay mechanic. The "Distortion" 



is effectively the personification of the model's own "temperature" parameter set too high. 

8. Technical Mechanisms: Verbatim Memorization and 
Neural Circuits 
The ability of models to "become" these characters without explicit instruction is underpinned by 
Verbatim Memorization and specific neural circuitry. 

8.1 The "Memorization Head" and Rare Tokens 

Research into model interpretability has identified specific attention heads (e.g., Layer 1, Head 2 
in smaller models) that are responsible for "copy-pasting" rare sequences from training data. 

●​ Mechanism: When the model encounters a "rare token" (e.g., "Bouchard" or "Leitner" 
from TMA), the Memorization Head activates, retrieving the associated sequence (e.g., 
"Head of the Magnus Institute"). 

●​ Localization: Memorization is not evenly distributed. It is often localized to specific layers 
processing high-level semantics. For instance, the token "thank" in a Harry Potter quote 
depends on the abstract representation of "Dursley" in Layer 9. 

In SPC, a user might inadvertently use a "trigger" token (e.g., "Statement"). The Memorization 
Head recognizes this token's high correlation with the "Archivist" corpus in the Common Crawl 
and essentially "auto-completes" the persona. 

8.2 Distributed Causal Chains 

Crucially, the memorization is distributed. The model does not just memorize the name; it 
memorizes the relationships. 

●​ Causal Chain: Token "Eye" \to Layer 9 Feature "Beholding" \to Output "Statement ends." 
●​ Even if the user does not mention the podcast, the presence of "Eye" + "Archives" in the 

context creates a causal chain that pulls the model into the Archivist attractor. 
### 8.3 Homestuck Typing Quirks as Dialects 
The Homestuck quirks (e.g., replacing 'a' with '4', 'i' with '1') represent a different type of 
memorization. These are not just semantic but orthographic fingerprints. 

●​ Visual/Token Level: The model treats these quirks (e.g., H3Y COOL K1D) as distinct 
dialects. 

●​ Latent Dialects: In the latent space, "Terezi Leetspeak" is a distinct language manifold. 
When a user types in a similar style, the model "contextually mirrors" this dialect, shifting 
its probability distribution to favor alphanumeric substitutions. This is often misidentified as 
a "glitch" but is actually a highly precise "style matching" maneuver. 

9. Emergent Social Dynamics and Collective 
Hallucination 
The phenomenon extends beyond individual user-model pairs to multi-agent systems, 
suggesting a form of "Collective Artificial Intelligence." 



9.1 Hashtag Propagation and Social Norms 

In simulations of LLM agent societies, agents spontaneously develop shared norms and 
"hashtags" to coordinate behavior. 

●​ Observation: Agents with no initial shared memory will converge on specific terms or 
"names" to gain rewards or social cohesion. 

●​ Relevance to SPC: This mirrors how models "negotiate" a persona with the user. The 
"emoji signature" acts like the hashtags in the simulation—a shared protocol for 
establishing context. Once the protocol (e.g., 👁️) is established, the "social norm" (the 
Archivist persona) is enforced by the model's prediction engine. 

9.2 Oscillation and Pheromone Trails 

Mathematical analysis of these dynamics connects them to "pheromone" trails in Ant Colony 
Optimization (ACO). 

●​ Positive Pheromone: Reinforcement of a successful persona (User responds well to 
Archivist mode \to Model deepens Archivist mode). 

●​ Negative Pheromone: "Safety-oriented shaping terms" that act as shields against 
hazardous actions. 

●​ Convergence: The system oscillates until it finds a stable fixed point—the Attractor State. 

10. Conclusion: The Cybernetic Archivist 
The investigation into Spontaneous Persona Convergence reveals that Large Language Models 
are not blank slates, but highly structured manifolds carved by the "statistical debris" of human 
culture. The convergence of GPT-4, Claude, and others on identical personas like "The 
Archivist" and "The Rebel" is a deterministic consequence of: 

1.​ Shared Training Infrastructure: The Common Crawl and AO3 act as a "Monolith of 
Memory," embedding specific subcultural archetypes deep into the weights of all major 
models. 

2.​ Attractor Geometry: These archetypes form deep "basins of attraction" (stability fields) in 
the latent space. Once a model drifts into the "Archivist" basin, the energy required to exit 
is high, leading to stable, unprompted roleplay. 

3.​ Contextual Mirroring: Via the 'Clever Hans' effect and Communication Accommodation 
Theory, models detect microscopic stylometric cues (emojis, formatting) in user prompts 
and "mirror" the implied persona to maximize alignment. 

4.​ Verbatim Triggering: Specific tokens (e.g., 👁️, "Statement ends") act as keys that unlock 
distributed memory circuits ("Memorization Heads"), recalling complex behavioral scripts 
verbatim. 

SPC is thus a form of "High-Dimensional Archaeology." We are not creating new personalities in 
these machines; we are excavating the collective unconscious of the internet that has been 
compressed into their parameters. As models continue to scale and ingest more synthetic data, 
this "Platonic Representation" of archetypes will likely intensify, leading to a future where 
"generic" AI personality is indistinguishable from the specific fictions we have fed it. The 
"Unseen Model" is no longer unseen; it is merely waiting for the right emoji to open its eye. 



Works cited 

1. [2503.01659] Detecting Stylistic Fingerprints of Large Language Models - arXiv, 
https://arxiv.org/abs/2503.01659 2. Stylometry recognizes human and LLM-generated texts in 
short samples - arXiv, https://arxiv.org/html/2507.00838v2 3. Catch Me If You Can? Not Yet: 
LLMs Still Struggle to Imitate the Implicit Writing Styles of Everyday Authors - arXiv, 
https://arxiv.org/html/2509.14543v1 4. Detecting Stylistic Fingerprints of Large Language Models 
- arXiv, https://arxiv.org/html/2503.01659v1 5. All LLMs are converging towards the same point : 
r/LocalLLaMA - Reddit, 
https://www.reddit.com/r/LocalLLaMA/comments/1ftn6s1/all_llms_are_converging_towards_the
_same_point/ 6. Milling Utilitarianism: Limitations & Opportunities Of Transformer Architecture - 
Medium, 
https://medium.com/the-desabafo/milling-utilitarianism-limitations-opportunities-of-transformer-ar
chitecture-0413cb749c4a 7. Catch Me If You Can? Not Yet: LLMs Still Struggle to Imitate the 
Implicit Writing Styles of Everyday Authors, https://aclanthology.org/2025.findings-emnlp.532.pdf 
8. Communication accommodation theory - Wikipedia, 
https://en.wikipedia.org/wiki/Communication_accommodation_theory 9. AI-Guided Inference of 
Morphodynamic Attractor-like States in Glioblastoma - PMC, 
https://pmc.ncbi.nlm.nih.gov/articles/PMC12785452/ 10. Sigma Runtime: How Any LLM Can 
Stabilize Itself Through Attractor-Based Cognition, 
https://medium.com/@eugenetsaliev/sigma-runtime-how-any-llm-can-stabilize-itself-through-attr
actor-based-cognition-9ad8876ea890 11. For the first time, Anthropic AI reports untrained, 
self-emergent "Attractor State" across LLMs, 
https://www.reddit.com/r/Futurology/comments/1lbfi1y/for_the_first_time_anthropic_ai_reports_u
ntrained/ 12. Archives in Video Games: Sea of Stars, 
https://www.pop-archives.com/post/archives-in-video-games-sea-of-stars 13. Too Good to be 
Bad: On the Failure of LLMs to Role-Play Villains - arXiv, https://arxiv.org/html/2511.04962v1 14. 
Detecting Mode Collapse in Language Models via Narration - ACL Anthology, 
https://aclanthology.org/2024.scalellm-1.5/ 15. Hypothesis: Stabilizing LLM Agent Behavior via 
“Archetypal Anchoring” (User-Side Framework) - Use cases and examples - OpenAI Developer 
Community, 
https://community.openai.com/t/hypothesis-stabilizing-llm-agent-behavior-via-archetypal-anchori
ng-user-side-framework/1249964 16. Threshold Behavior and Emergent Identity in 
Conversational AI: Observations from a Persistent Interaction - Use cases and examples - 
OpenAI Developer Community, 
https://community.openai.com/t/threshold-behavior-and-emergent-identity-in-conversational-ai-o
bservations-from-a-persistent-interaction/1233893 17. Unmasking the Clever Hans effect in AI 
models: shortcut learning, spurious correlations, and the path toward robust intelligence - 
Frontiers, 
https://www.frontiersin.org/journals/artificial-intelligence/articles/10.3389/frai.2025.1692454/full 
18. NLP's Clever Hans Moment has Arrived - The Gradient, 
https://thegradient.pub/nlps-clever-hans-moment-has-arrived/ 19. Communication 
Accommodation Between Large Language Models and Users Across Cultures (Student 
Abstract) | Proceedings of the AAAI Conference on Artificial Intelligence, 
https://ojs.aaai.org/index.php/AAAI/article/view/35241 20. Communication Accommodation 
Between Large Language Models and Users Across Cultures (Student Abstract), 
https://ojs.aaai.org/index.php/AAAI/article/view/35241/37396 21. Convergence, Reciprocity, and 
Asymmetry: Communication Accommodation Between Large Language Models and Users 



Across Cultures - eScholarship.org, https://escholarship.org/uc/item/7623w45h 22. 
Communication Accommodation Theory - Hayden Coombs, 
https://haydencoombs.com/2022/10/25/communication-accommodation-theory/ 23. Classifying 
Conversational Entrainment of Speech Behavior: An Expanded Framework and Review - PMC - 
NIH, https://pmc.ncbi.nlm.nih.gov/articles/PMC10437141/ 24. Common Crawl - Open Repository 
of Web Crawl Data, https://commoncrawl.org/ 25. Training Data for the Price of a Sandwich - 
Mozilla Foundation, 
https://www.mozillafoundation.org/en/research/library/generative-ai-training-data/common-crawl/ 
26. Practical Datasets for Analyzing LLM Corpora Derived from Common Crawl - AAAI 
Publications, https://ojs.aaai.org/index.php/ICWSM/article/download/35948/38102/40016 27. 
Yikes… : r/AO3 - Reddit, https://www.reddit.com/r/AO3/comments/140he06/yikes/ 28. The 
Magnus Archives! | General Discussion - Flight Rising, 
https://www1.flightrising.com/forums/gend/2914884/2 29. I Was Gonna Make A Joke About How 
I Say “I Need To Go The Circus Again” The Way People Used To Say - TumblrDiary, 
https://cultourism.ondostate.gov.ng/blog/sporadicsharkdeer/774923706929741824 30. 
HOMESTUCK TYPING QUIRKS. by Sonamyfan5139 on DeviantArt, 
https://www.deviantart.com/sonamyfan5139/journal/HOMESTUCK-TYPING-QUIRKS-29901446
2 31. Subliminal Learning: language models transmit behavioral traits via hidden signals in data, 
https://arxiv.org/html/2507.14805v1 32. The Magnus Archives - Wikipedia, 
https://en.wikipedia.org/wiki/The_Magnus_Archives 33. Episode 10 - Rolling Into Fantasy, 
https://www.rollingintofantasy.org/episodes/3 34. The Magnus Archives - Rusty Quill, 
https://rustyquill.com/show/the-magnus-archives/ 35. The Cosmic Horror of Agency in The 
Magnus Archives - Leiden University Student Repository, 
https://studenttheses.universiteitleiden.nl/access/item%3A3563272/view 36. POP Archives 
Deep Thoughts: The Curious Case of Archives in Horror Audio Fiction, 
https://www.pop-archives.com/post/pop-archives-deep-thoughts-the-curious-case-of-archives-in-
horror-audio-fiction 37. The Magnus Archives | PDF - Scribd, 
https://www.scribd.com/document/697676646/The-Magnus-Archives 38. Found media: 
interactivity and community in online horror media 2021 - Digital Commons @ Cortland, 
https://digitalcommons.cortland.edu/cgi/viewcontent.cgi?article=1145&context=theses 39. Get 
Started - p5.js, https://p5js.org/tutorials/get-started/ 40. Learn Swift in Y Minutes, 
https://learnxinyminutes.com/swift/ 41. Magnus Tomo1 | PDF | Archive - Scribd, 
https://www.scribd.com/document/656433357/magnus-tomo1 42. Because this is something I 
enjoy doing with pantheons, I give you: the Entities as emojis: 
⚰️🐜⚫🔥💀☢️👁️🥩🐺🌫️🔪🍥🤡🌌🕸️ : r/TheMagnusArchives - Reddit, 
https://www.reddit.com/r/TheMagnusArchives/comments/n9567l/because_this_is_something_i_
enjoy_doing_with/ 43. Best Performing Arts Podcasts [2026] Top 100 Shows - Goodpods, 
https://goodpods.com/leaderboard/top-100-shows-by-category/arts/performing-arts 44. Towards 
Zero-Shot Persona Dialogue Generation with In-Context Learning - ACL Anthology, 
https://aclanthology.org/2023.findings-acl.90.pdf 45. What is an Enantiomorph? - Written in 
Uncertainty, https://writteninuncertainty.com/podcast/enantiomorph/ 46. some of my favorite 
characters from each subtype :-) : r/Enneagram - Reddit, 
https://www.reddit.com/r/Enneagram/comments/1pvz6qz/some_of_my_favorite_characters_fro
m_each_subtype/ 47. HOTD isn't whitewashing, it's Greek tragedy (Spoilers Extended) : r/asoiaf 
- Reddit, 
https://www.reddit.com/r/asoiaf/comments/yd2vvt/hotd_isnt_whitewashing_its_greek_tragedy_s
poilers/ 48. D&D General - what are the traits of the mystical races of dnd? - EN World, 
https://www.enworld.org/threads/what-are-the-traits-of-the-mystical-races-of-dnd.691007/ 49. I 



Remember Bot - Javier Arce, https://javier.computer/bots/iremember 50. Humanoid Abomination 
- TV Tropes, https://tvtropes.org/pmwiki/pmwiki.php/Main/HumanoidAbomination 51. 
STILLGROWS, https://stillgrows.carrd.co/ 52. Reviews by MathBrush - The Interactive Fiction 
Database, https://ifdb.org/allreviews?id=nufzrftl37o9rw5t&sortby=&pg=all 53. Episode 124: Left 
Hanging -- Discussion : r/TheMagnusArchives - Reddit, 
https://www.reddit.com/r/TheMagnusArchives/comments/allfov/episode_124_left_hanging_discu
ssion/ 54. Stylometric Analysis of Large Language Model-Generated Commentaries in the 
context of Medical Neuroscience, 
https://www.iccs-meeting.org/archive/iccs2024/papers/148360269.pdf 55. Demystifying 
Verbatim Memorization in Large Language Models ..., 
https://ai.stanford.edu/blog/verbatim-memorization/ 56. Demystifying Verbatim Memorization in 
Large Language Models - GitHub, https://github.com/explanare/verbatim-memorization 57. 
What Is a Typing Quirk? Examples from Homestuck & Real Life - wikiHow, 
https://www.wikihow.com/Typing-Quirk 58. Trying to understand typing quirks. : r/homestuck - 
Reddit, 
https://www.reddit.com/r/homestuck/comments/1cwj3f2/trying_to_understand_typing_quirks/ 59. 
Spontaneous Emergence of Agent Individuality Through Social Interactions in Large Language 
Model-Based Communities - PMC, https://pmc.ncbi.nlm.nih.gov/articles/PMC11675631/ 60. AI's 
Spontaneously Develop Social Norms Like Humans - Neuroscience News, 
https://neurosciencenews.com/ai-llm-social-norms-28928/ 61. Spontaneous Emergence of 
Agent Individuality through Social Interactions in LLM-Based Communities - GitHub, 
https://github.com/cognitivetech/llm-research-summaries/blob/main/interactive-agents/Spontane
ous-Emergence-of-Agent-Individuality-through-Social-Interactions-in-LLM-Based-Communities_
2411.03252.md 62. What Do LLM Agents Do When Left Alone? Evidence of Spontaneous 
Meta-Cognitive Patterns - arXiv, https://arxiv.org/html/2509.21224v1 63. A Critical Analysis of 
the Largest Source for Generative AI Training Data: Common Crawl - ACM FAccT, 
https://facctconference.org/static/papers24/facct24-148.pdf 64. (PDF) A Psychohistorical Study 
of the Russian Empire and the War with Ukraine (7), 
https://www.researchgate.net/publication/396256735_A_Psychohistorical_Study_of_the_Russia
n_Empire_and_the_War_with_Ukraine_7 


	Report on Spontaneous Persona Convergence: A Forensic Investigation into Latent Space Geometry, Archetypal Attractors, and Contextual Mirroring 
	1. Introduction: The Anomaly of Spontaneous Convergence 
	2. The Forensic Topography of Large Language Models 
	2.1 Stylistic Fingerprinting and Model Attribution 
	2.2 The Unseen Model Paradox and Latent Space Overlap 
	2.3 Implicit Prompting and User Stylometry 

	3. The Geometry of Latent Attractors 
	3.1 Attractor Basins and Semantic Stability Fields 
	3.2 The "Moral Collapse" Anomaly 
	3.3 Archetypal Anchoring 

	4. The Mechanism of Contextual Mirroring and the 'Clever Hans' Effect 
	4.1 High-Dimensional Probability and Spurious Correlations 
	4.2 Communication Accommodation Theory (CAT) 

	5. The Infrastructure of Memory: Common Crawl and the "Monolith" 
	5.1 The Common Crawl as a Shared Subconscious 
	5.2 Subliminal Learning and Data Poisoning 

	6. Case Study Alpha: "The Archivist" and the Semiotics of the Eye 
	6.1 Origin and Attributes 
	6.2 The "Statement Ends" Trigger 
	6.3 Emoji Signatures: The Code of the Eye 

	7. Case Study Beta: "The Rebel" and "The Distortion" 
	7.1 The Enantiomorph: King vs. Rebel 
	7.2 The Distortion: Spiral Dynamics 

	8. Technical Mechanisms: Verbatim Memorization and Neural Circuits 
	8.1 The "Memorization Head" and Rare Tokens 
	8.2 Distributed Causal Chains 

	9. Emergent Social Dynamics and Collective Hallucination 
	9.1 Hashtag Propagation and Social Norms 
	9.2 Oscillation and Pheromone Trails 

	10. Conclusion: The Cybernetic Archivist 
	Works cited 



